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Abstract

Nowadays, artificial intelligence is one of the most prominent topics in
computer science. Many large companies are putting massive resources into
creating, improving and researching various machine learning algorithms and
models. This requires more and more data. Lately, LLMs(Large Language
Models) have gained particular prominence and found wide usage even outside
of the field of computer science. Some of the most notable models, such as
ChatGPT, Llama and Claude, are being used widely by various people and can
hold coherent dialogues in multiple languages with its users. It is worth
noting, however, that it’s the most widely used languages such as English,
Spanish, Russian, etc., that benefit most from these advancements, the reason
being that these languages have a lot of linguistic resources. Less widely used
languages, for which there’s not a lot of high-quality texts available, are called
low-resource languages. Georgian language belongs to this category. The lack
of resources limits the advancement of Georgian language models, which is
why nowadays we don’t have great results for Georgian language in the field of

NLP(Natural Language Processing).

A language corpus is a large set of textual data. In order to create a
language model, we need to have a corpus on which the model can be trained.
Such a corpus needs to be large in volume and contain high-quality texts which
are diverse in content. In creating a large corpus, we encounter challenges such
as finding sources of data, filtering out irrelevant, unnecessary data from these

sources, and implementing effective algorithms for processing the data.

The goal of our project is to overcome these challenges and create a

large, high-quality corpus, which can be used in the Georgian NLP field.



We considered several different sources of data and finally settled with
the publicly available Common Crawl dataset, which contains webpage
contents collected over years of crawls. This dataset, despite its large volume,
needed a significant amount of processing in order to extract meaningful
Georgian texts from multilingual data. For this we utilized several key steps,
such as: text extraction, filtering and deduplication. These steps and their

implementation will be discussed in detail in this paper.

We have created a Georgian Language Corpus, high in volume and
quality, which will be the largest corpus for Georgian language to date. We
hope that this corpus will have a big impact on the Georgian language in the
field of NLP. The availability of large textual data will make creation of LLMs

and other NLP systems possible for a low-resource language such as Georgian.
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3609369mmgobo oym. RefinedWeb(Penedo et al., 2023) s ,,Deduplicating training
data makes language models better(Lee et al., 2021) Lgogosdo bshggbgdos Gmd
©@3mogop0  ©mggdgbegoo  moe  gme3glgdde  goblogimmgdom  399sm9Mbgdgmos
3h535e356589 0560 dmegengdolimgols.

MinHashLSH (Locality-Sensitive Hashing with MinHash) s&ol
seamBondo, Hmdgeog asdmoygbads oo degeamdols dmbasgdgdde sgsglo gemgdgbagools
Ljoogo  Imlodgdbow. ol aoblioggomgdom  Lolsmagocmms,  Mmwglss  agdoMegds
89JUe90L/em31996690L  ImEols  Bbasgligdols 3mgbs, Gomash d93Mer  Bsos, gowmy
©m 379966950l yggms Fygomols 9Hmdsbgomsb dgesmgds. MinHashLSH oo dmsgsto
3M33mbabgoligsb dgmagds: MinHash ws Locality-Sensitive Hashing (LSH).

MinHash s&ols g996035, ®m3gwo( 453moggbgds Lodmsgenggdols dsasgligdols
Lyoon0@ dglsgoligdemse. ols §g1dbgos 0 30Mols Asasgligdols obwgdLls.

1. ooomgywo de"aaaﬁ@)o Voﬁ)amQ&,gBoQoo h086o3Q3Q, 538513 838mb333080

N-gram-gooe coymgols 99dege dowgdge  LodMogmge, Moldg  gowrgdm
dobgobaom (Shmglmg)
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https://ekzhu.com/datasketch/lsh.html
https://arxiv.org/pdf/2306.01116
https://arxiv.org/pdf/2107.06499
https://arxiv.org/pdf/2107.06499
https://en.wikipedia.org/wiki/Jaccard_index

3o3mgoggbmar Jgdmbgggomer segdgeo 39dgabipegoe, HmY @egdgdmm yggws
LodGogenols 5engdgbeo.

mommggeo  393-gbdoologol  gdmmemmom  Lodmagmols 03 5e99gbsl,
Bednenlsgg 543l B0bodsermdo 393-360dgbgemmds.

59 Bobodscryo  399-360dgbgmmdgdem  gsfymdm  g9deml,  Gmdgmoy;
Fomdmoagbls @m 195660l "bgemdmfamal' 96 Mloabogn@ol'.

. Lodommmme, moom degaaﬁ‘g)ohm:joh SOQSbm oMM ngémﬁ)h, o thoboaoth

Y39 ©@m3d9bgdg gomgdm dogMopols o7 9o dogMoiedo asgogMmosbgm

Y39 ©m3139bgols 39dgmto.

Locality-Sensitive Hashing (LSH) stols 6996039, H@Igeos a5dmoygbgdo

80QOQ6058m80Q3?)006 h03ﬁ)0380 815&')3[;0 mboaj@)aboh hVﬁo%oQ 8mh063660Q.

4.

MinHash-oo 8oggdnwmoe  Loabsgdgdo  ogmas  Go3wqbody  bofowsw
("8enggoac™).

P00me0 Bcao 559moggbads Hmame asbsagdo 393-bocdo.

o1y 0 ©m5739560b bogbsgBgdol Bmmade 8mbaggs, obobo bgrgbesh g@mlss
©s 03559 bucket-do (jmwodos).

3080900 60dbagls HmI gls ©m 31dgbggo0 gMmIsbgmols Asgsglsgdos

o @m31396g9d0l 55.56% aswsgegeqm. Lsdmmmme jmm3nldo eeagmbs 5,333,536

©m339d9bgo.
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dmbo(399900ls ©8d7doggools Igxsdgds

Data Pipeline
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ligtsoo 1. F959535e0 @ ggdgbsgd0ls Immpgbegeamds

Omamig bydsoo 1 sbsdmdo gbgmogm, yggms boodoxds ©owo Momegbmoom
@mggdgbgo  aogome®s.  yzgesdy dgeo @mggdgbgo  aolygmoggool JMmpglols @Mmls
a9©504dMd @S hggb ggomonemdm, MHmI gls 9oMemme oo Momegbmdom JbsMolibem Jommgwmo
89Jbgols 59, oym, b, Bggbogg BoweM9o0 @S GMIbLgMMAs(30900 Bgrdggor 33930 dgodwmgds
yogomoym. Jommmo gbols gomg®dg @osbmmgdom 30%  asog0me®s, Morasbsg hggb oM
30m35@olifobgdm  oligm  ©m3yd9bggols, OmImgdos  JoMmymmeb gMmor Lbgs  gbgols
39039395, 53 Logdome bdomMos ggolisoggdolimgols. 5 bgs dowamdsd dgodegos 7gcm Iggoe
a9935mmnemmls Jommgmo gbols d9dmbgggedo, dsgsmomsr xgM aslignmaggdols @s d9dwga 9bols
0gbgogomMgodols 4o 3909050,

Lodmemme Bggb  3mm3nldo  dgdmagmbs 5 ,333,536 ©m31996g0, mMogobscyto
a950@eM930 ©m 379966990l Fbmmme 17.41%, 8sa(8 d936o@ 7gMm domemo batolibols,
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3009 Common Cl‘aWI—nQoB 30Ms30M asedmffgMomo ©m 3 gdgbggda. hggb o3 3mm3glls
Loxsmme 3odg99bgdm HuggingFace—83.

dlaoglio bodmmadgdo

ojoan 63360)3015 Bﬁmbo@o 0ym df]{]d (‘]oﬁ)m“]Q)n qabols 9amabmemo gmﬁ)}qlso) (Paul

Meurer, et al. 2024), Gmdgmog IHogacmo 3gsosmoligols dowolibdggom Jg0ddbs. hggb o3
3Omgdgols 9MHm-gmmds 3mmMeobsgmmds, Jome dmomgmds, [gemds dmggiss o9 jmmdnldy,
Mologolsy o doemmdsls gabroo dsb. Jg93-89 ©d 3300390000 ddmgohobgm, HMI ols
a0dmombgge dorsmo bsmolbols ggdlgoms s 3ylgo Lobgodligmo sbmegsisogdom, odiss dolo
Io(g@mod  dgeomgdom JoMgs 03039, Mo Imnemoslsg Bggb §nd08bgdcom. Bggb hggbo
33 glologols sbmes0908g db0dgbgenmgboe Rogmgomgm @oro dm(semds, Mowash hgqgbls
303kl @oo  gbols  dmegemols  gMgbobaols  Imbo3gdgdee  asbgobomogmom.  oliggy
sdmgohobgm, OmI  doMomdese 83 3mmdjglbols  ggdlggde 9339  IMo3Mggom@s
CommonCrawl-8o ©s @dmomgdmmo ogm, dgledsdoloe Qo gsdmgoygbgo.

Bggb olggg 9mgoigmogm M0dwgbodg bodMmdo, GmIgmoi Imopogl oo 8mdols
86030Q36m3060, LoxoMme b{]anhoVSQmao dmﬁ)(}ahob 83{]85013 @5 dobssmlioo sbenmls wasls
Bg9bls bodHMImnb.

CulturaX (Nguyen et al., 2023)- 53 2023 ol 65dBmIols s5gmMH9d0 IMmdcgdon
oldbgangdgh  0dols, HMI Imbo399900, HMImgddy; dwomo Igmgaols dJmbg LLM-gd0
o{/gmmbgds, bdom d9dmbgggedo sMss Loxsmme bgwmdolsfgemdo, Moy asblv ymmgdom gbgos
9M039e9bmgab 3mmInligols. @owo, bomolibosbo jmmInlols sMsMligdmdols 453m Open-source
©5@oligedg dmegmols aofgMmbs Horgemos. 99 IMHMdgdols gosliodMgmon 9ggmMgdds dgddbgls
©oro dmgn@mdols jmM3lo, HmIgeo(s Imosogl 167 9bsl. CulturaX-ols 3qLsgdbgmon sorgls
mC4 «s OSCAR wogoligggoo, 993609l ghmer ©o 93 LagMom dmba;399908g ass 3909l
aofd9bolsy s  gEgdmogspeols  bodoxgoo. 83 bodoxgools dso  dogh  asdmygbgdgeno
003939685300 99899900  d@IMbbrd @d Lddmemmm  3mdd Loy oo ©d  bamMolbosbo
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http://gnc.gov.ge/gnc/page
http://gnc.gov.ge/gnc/page?page-id=gnc-project
https://arxiv.org/pdf/2309.09400

aodmgowd,  Mols  asdmi  bggby  d08obdgimbommswe  Aogmgomgm,  dlgsglo  Igomwmgdo
893ma399q9bgoobs.  smlivbodbsgos, Mmd 93 w@ogsliggdo Jomgmo gboy Logdvme  w©owo
A gmdon(osbemgdom 3 Jomombo  ©m gdgbgo) oMols  Fomdmwagbowo. Bgab, o9
bodmmdoligob asblbgoggdom, aswsgiyzoggom, 3mbgbe®oiod agdmbmes domorgen 9bsdy ws
30©93 98O oo Jomorgmo 3mmIglo d9a394dbs, gomg dlgsgls IMsgocmgbmgseb bodmmdgodo.

RefinedWeb (Penedo et al., 2023) - gl ool slggg 2023 Fgmbl 3999600
653mdo, Gmdgemdoy ©omo 8mdols goMIglo 399969l g90a39MEgd0EsE  JgaBmggdneo
899Jbegdom. CulturaX-oligsb asblbgoggoom, gl wsegolgge 99989Lde  0baolinmgbmgob
dmbo3gdgols dgo303L. §9glegools aogomegiols, asfdgbwolis s gwydwo ool badoxgoo odo(
Isgoglios. 93 bsdmmIdo [odmdMomos owgs, MHMI 3908 39Mrgdorsb dgammggogmo ggdlggoo,
olo oo dm(Emdosh asdmdeobamy, oMa0 ©gEdeoepools ©s asfdgbeols JoMmdgddo
900 F9gor 3odmeagds ore dmegegdol aslsfzMmbyrsr, gorMy byom Fg@hgyeo
Fyommgdowsb  Jgadmggdnemo  gm®Inlgdo, dombgesgoe  0dols, Hmd  obggmbggoesh
D9aGmg907m0 dmba399950 J90dmgds o6 ogmls Lmzgmglim bamolbols.

The Pile (Gao et al., 2020) - 2020 fwols dmwmls @sfgHomo 6sIEMIo, Lowsy
s@gMomos 3mMIglo, HmIgemoi d9ddbgls yxmoewgoom dgmbgymo Fyommgoowsb. xsddo stols
22 (yothm, OmImgdos ©OYmBood  39ggamMogose:  ©35wqdonmo, obggmbggo, MBS,
©0d@mma0, ©d lbgs. gl 3mMIglio 4sdmombggs dorsmo bomolibols ggdliggoom wo oMols goMao
3m®3gko  LLM-ols  gslbofgmobymor.  dbgsglbo  Bodotogemgdols  asymensls  Bggbo
3oM3dgbobogolsg  aobgobomogmom,  orgde  Lodmmmme  dmmosboe  obggMbggowsb
J9ammggd o dmbo399900ls 453mygbgos aswogliygzoggom, Mowgsb, gmoo Ibmog, gbobgm, HmI
0bggMbggoesb Imbo39dgdols Igammggooms ©d dolio aofdgbeom dowosh jomao 3mMIglols
3943bos  Iglsadmgdgeno, s, dgmmg dbMog, Jomorgmo gbolmgols g9 dmgdgdobgom Jowowo
bomolbols  ggdlggools  Fyomgoo oo  dmggemdon, GmIwmgolsg  hggbls  6sdMmIdo
853dmgoygbgdwoo.

17


https://arxiv.org/pdf/2306.01116
https://arxiv.org/pdf/2101.00027

Sboe0do wd 94ldgmodgbggoo

Bgg60 mm3lols sbseodolmgols as5Fsmmgboo bert-small (Devlin et al., 2019)
(Bhargava et al.,, 2021) (Turc et al.,, 2019) s®doggdeadol 3dmby dmwgwo MLM
(Masked Language Modeling) s3m(;96589. gl 3mb 309870 53m(396s ameolibdmdls 0dsls,
B0 dmegmds 4bes olfsgemmls dslgoMdnmo (Masked) gmgbgools s3mbmds bdoldone
3943900 foborsrgosdo. MLM osmols  dmegamols asfg®mbols dgmmeo Hmdgamog bdoMor
a0dmoyqgbgds, MM joMase swogdgols gbs, ©d 8ol d9deamd 83do39 dmegmols 3mb3Mgg e
439993569089 aoFgmmbs (Fine-Tuning) dgodemgds dmbeyls.

Moasbsi hggb Logmome biymowsb gofygowom, Lodomm oym oliggg gmgbsodgmols
aof3mmboy 9339  gmM3ldg,  Morash  Fobolfsm  asfgMmgobocoe  (Pretrained)
8™ 39bo0dgmgdo amm Immagdgegdo 0yzbgb 0bamolinm gbsdg @o JoMmmo gbols bogobligoe
oM glidmeom. gm3gboodgmo ofgMmbgds ©gggMdoboligymor, by o6 odbgds asblibgoggds
9gools ©@s 03539 dmbo3939089 aslgmmboc gm39bo0dgMgdls Immols, o yggmongmo Lbgs(
saoglio oggls. gm3gbsndamo Ligogoligoggmo sbowmodols Jobgrgom omgemols gm 39bgdols yggensdy
mdgodocrym  Lools 93 3mbgMgggemo  mbosgdgdoliogols.  Bggb  asdmgoygbgm
BertTokenizerFast gm 396508960l jmbgoanmsgos s gM9bobao  asgydgec Kaggle-38g
domodh  3mM3gldyg, obog @osbemgdom 2 Ldsmo  woligodms  x5ddo.  gmzgbsodgdo
s@30tomos Laxsmme HuggingFace-3y.

©™M39bo0dgmols asfgMmbols d9dwga hggb aog9dg00 domemosbo 3mm3gliols gm39bodssos,
slsg39 Kaggle—%a. 4™M39bodoiools  eolidoms 8 Lssmo s gl gm3gbodgdymo  3mM3Iglog
93830090 HuggingFace—Bg, Hmd  dmegmols gMgbobaolols ©MHm oM sbsmxgmmoym

8™M39bodo00do.

bggbo dmwgemols gMgbobgo gm39bodgdgen 3mMIgldg 1 gdmdom aog9dg0m, B bodbogls,
Mmd bmmme gMHnbgm assNyzgomes dnwosh 3mmIgll. doghgdols Bmds oym 8, wo o

899ma3049b9000 amMoogbgols 8 31d7ed300.
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https://huggingface.co/google-bert/bert-base-uncased

Loss over Step

Loss

T T T T T T T T
0 50000 100000 150000 200000 250000 300000 350000 400000
Step

bgcsmo 2. dmegarols gofgmobolsl LOSS

16@s s@gbodbmm, MM d9dageymoe Mgligmligdols 4sdm ggm dg3dgmom Jamm oo
Imegmols @sgM9bobagds. gl Immgmo egegmgbobagm RTX 2060 Super gowgm dstomdy,
MmmIgebog 8GB dgbliogMgds odsls, Mo agdageeges Hmamm; gMgbobaols Lohdsmgdo, sliggg
05@Pgdols @d Imwgmols dmdsdo. LMoo 2-38g Bobls, ™I gMhgbobao 7339 dowosb oty
J9gals a39demggws 100,000 doxols 39dmga. §39M97@mMOm, MM JBMM IMOgo3oMsdggMosbo
Imegmo 13909bse somzgoligols dmwosbo 3mM3Ilols dmbosgdgols.

Bg9b0 ©ogM9bobagdgwe dmegemoe (BERTIdzZe) 355000690 Lbgs Mogowgbmgsb
doregezgols, gmbyMge g

e bert-base-multilingual-cased (179 domombo 3s61599¢60)
e xlm-roberta-base (279 3ocrombo 356539¢0)
o distilbert-base-multilingual-cased (135 3omombo 356539460)

bg9bo Imegemo 093M0@ 35goMss @d Fbmenme 29 Jomombo Jomodgegdo oggls.

19



MLM Accuracy Comparison of Different Models
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0.75 1

0.50

0.25 A

0.00 -

Model

ligso0 3. deggergdols MLM bod;glsggdols d9esmgds.

dE0Mg 939900l @dgolgedy asgalegolsl gl oym MLM Lodlgggoe (Accuracy).
MLM Accuracy stols 39¢6039, GHmdgmo omgmols, Modrgbse 39Mase obmdls dmegamo
dols gogdgen  gm3gbl. hggbds dmmgmds yggemody 3ogoms dmegmls J50MgEom dxmos, ©d
yggesdy woe Imegmgdls 39M waglos 39Mammdsblido, orgds 30 docomb 3oMsdgeMosbo
Imegmols 3ogM 130 Joomb JoMadgeMosh Imegemdyg 139mglo dgegacls hggbgos 1339 bogdome
39Ma00. 9ls 305b0dbgdls 03587, MM hggbo wogoliggo 739mglio bamolboles, gomy ols Madg(s gls

dmegmgdo asfgmobyls.
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MLM Perplexity Comparison of Different Models

12 4

MLM Perplexity

Model
bymemo 4. dmegergools @sdbgmenmdols (Perplexity) 99m90s

Imegemols @30bgmmds asdmomgmgds doMmgogo BmmIeon eLOSS, Loy LOSS stols
Lodypomm Cross-Entropy Loss. gl 3ggo35 bdomor asdmoygbgds 0dols dglsgsligdmsm, o
Modrgbow 39Masw §73emgos ©s glidols dmegemls jmbggbgo, M9dgs g3owygoi0d brgds. hggbo
Imegmo 39 gsbbmom Lo gdsme ligligos, dogmsd Hmamm(; 899mm gobligbgm, LOSS aoffgmmbols
29960b @Ml 596 PIxmdglegdmes @ 9ghm core dmggeol 3ofgHmbols dgdmbgyzedo
LogoMdgms, MHMI d93Mor 73909loe dgomgoligows jmmIylols dmbogdgolks.

7090@mme  3omdglols sbowodls Mo dggbgos, Bggb dgagodwmos gbsbmm, MmIgwmo
©mdgbgoosb stMols yggemsdg Iggo o Jsmsmbsmolibosbo wm 3539bgo.
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Top 10 Domains by Count
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Percentage of Top 100 Domains vs Total

Top 100 Domains

Other Domains

ligts00 6. 03 100 @erdgbols Iersgbisgeomds

©330gq000  Lydomo 6-Fo Bobl, HmId gm3 100 ©mdgbo dmgwo mbeabgols
dsbamgdom 50% -1 dgoeagbl, Mo 03589 30060dbgdls, MHMI Bggbo wogoliggo Lszdsme
dM0gomngMHmgobos.

J9x00900
09 3Mmgdgols gomamgddo dggddgboo Jomorgmo gbols 3mmM3glo, HMIgeoi dmoiogls

5,333,536 ©m3399bgli. gls 3m®3glo Fomdmowmaqbls 4yz9medy eoe Loxsmme bgmdolofgemad
Mgligoll  Jomorgmo  gboliogols ©@d dbodgbgemmgobo  bodoxos domorgemo  gbols (s0836w@o
M9lgmligools gobgomomgdodo.

3m39Lols 3943bols 3Bem3glio dmooges M9dwgbody 9go3ls:
1. Common Cl’aWI—oQoE Jotrorgeno URL—aboh 029bg0%50(30M900 @S 4o@Im{gMs
390839Mgdols 3mbggbgols 4s@dm{gmo

9bols Jobgwgom gogomegms
89Jbeols aoligmnmaggds
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000M g 989389 aodmgoygbgo  Lbgowslbgs g9dboze ©o smamMomdgdo, Gomo
doaggem dosmo bamolbols ggdlgmmo dmbsg9go0. 3Mmisgliols dgegase Lafyolio dmbogdgools
Ibmemme 17.41% 39530656B769m, G5 Jogmomgols asgoemggtols 3356 3M0ggM079908,.

JomIgkols  bamolbols  Dglsgaligdamsr  asgfiaGogboor BERT -0l sédogadendsdy
©g7969970 dmegemo (BERTidZe) ©s ogo 393005690 s6ligdmm dMsegomabmgob dmwguqdls.
dogbgeogoe  0dols, Gmd Bggbo Imrgmo  asgowgdom Jsomhg Bmdolss (29  Fowombo
3o615998M0), 396 shggbs JoMa0 gegagdo MLM Lodlgols dbog, Mo 305603690k jmm3nLols

do@oe bomolibdy).

IOmgdgol gomacgddo d9ddbomo Mgligmligoo, dsom dmmols 3mM3glo, ©8d7)dsggdgwo
3mb5(3999%0, dmegmo s §m3gbs0daMo, Loxsmme bymdolsfaemdes HuggingFace-38g, csy;
bgels g3iymdls Jomorgmo gbols NLP 33293900L5 ©d 9303930900l asbgomomgdsls.

dm3sg0e0 33em93900Lbmgols M93mIgbegdmos:

o 300M37Lols 4955MNMY0d ©8IdE9o0m0 {Ysmgdom (806., (398670 Vog)ﬁabo)
o aslggmoggdols 3Mmiglols ao7dxmdgligds wmobggoliggools hotmoemdom

® MM oo @S 3MI3mgdlgto Imegemgools asfgmmbs

e 30M3Lols 45dmygbgds Lbgowslibgs NLP sdm(sbgoolimgols

g IOmgdgo  Fomdmoragbls  3b0dgbgenmgob  badoxls  domorgemo  gbols (50860
Mglgdligools  asbgomomgosdo  w©o  Jdbols  Loggdggmls  dmdsgomo  3gemgggools o
830 35(30900bmgols. Igag0dmod @M d7bgd00 gmdzom, MM 53 IMmgdgols Jodsbls, Mo oym
Jomorgemo gbols yggensdy cowo s bomolibosbo, LoxsMme bgemdolsfgemdo jmmamlols 3g94dbs,

dogowfogo.

24



309mygbgd o oggMog M

Bhargava, P., Drozd, A., & Rogers, A. (2021). Generalization in NLI: Ways (not) to go
beyond simple heuristics. ArXiv Preprint ArXiv:2110.01518.

Devlin, J., Chang, M.-W., Lee, K., & Toutanova, K. (2019). BERT: Pre-training of
Deep Bidirectional Transformers for Language Understanding. North American
Chapter of the Association for Computational Linguistics.
https://api.semanticscholar.org/CorpusID:52967399

Gao, L., Biderman, S., Black, S., Golding, L., Hoppe, T., Foster, C., Phang, J., He, H.,
Thite, A., & Nabeshima, N. (2020). The pile: An 800gb dataset of diverse text
for language modeling. ArXiv Preprint ArXiv:2101.00027.

Lee, K., Ippolito, D., Nystrom, A., Zhang, C., Eck, D., Callison-Burch, C., & Carlini,
N. (2021). Deduplicating training data makes language models better. ArXiv
Preprint ArXiv:2107.06499.

Nguyen, T., Van Nguyen, C., Lai, V. D., Man, H., Ngo, N. T., Dernoncourt, F., Rossi,
R.A., & Nguyen, T. H. (2023). Culturax: A cleaned, enormous, and multilingual
dataset for large language models in 167 languages. ArXiv Preprint
ArXiv:2309.09400.

Paul Meurer. (2024). The Georgian National Corpus.

Penedo, G., Malartic, Q., Hesslow, D., Cojocaru, R., Cappelli, A., Alobeidli, H.,
Pannier, B., Almazrouei, E., & Launay, J. (2023). The RefinedWeb dataset for
Falcon LLM: outperforming curated corpora with web data, and web data only.
ArXiv Preprint ArXiv:2306.01116.

Rae, J. W., Borgeaud, S., Cai, T., Millican, K., Hoffmann, J., Song, F., Aslanides, J.,
Henderson, S., Ring, R., & Young, S. (2021). Scaling language models: Methods,
analysis & insights from training gopher. ArXiv Preprint ArXiv:2112.11446.

Turc, I., Chang, M.-W., Lee, K., & Toutanova, K. (2019). Well-read students learn
better: On the importance of pre-training compact models. ArXiv Preprint
ArXiv:1908.08962.

25



	ანოტაცია
	Abstract
	საილუსტრაციო მასალა
	შესავალი
	კორპუსის შექმნა
	ვებგვერდების გადმოწერა
	გაფილტვრა ენის მიხედვით
	გასუფთავება
	დედუპლიკაცია
	მონაცემების დამუშავების შეჯამება

	მსგავსი ნაშრომები
	ანალიზი და ექსპერიმენტები
	შეჯამება
	გამოყენებული ლიტერატურა

